INTRODUCTION
Regional inequality has always been a major concern of Indian economy. Even though the country has experienced high economic growth, this growth has not been uniform across the states. These regional inequalities are limited not only to the domain of economic indicators, but have also been reflected in the uneven human development among the states during this period. In terms of per capita income some states such as Goa, Delhi and Haryana perform a lot better than states such as Bihar with the difference between them being massive. The regional inequalities are very stark for human development indicators also. From the perspective of evaluating welfare implications and redistributive policies of the policy makers and to achieve social equality, rectifying these inequalities has become all the more important. The question that we are trying to answer in this paper is whether the poor performing states have been able to reduce the difference between them and high performing states.
The paper attempts to answer this question by using the convergence analysis which is well known in macroeconomic analysis. In this paper, we will test for Absolute Beta convergence and Sigma convergence by running parametric panel regressions. If low performing states tend to grow faster than high ones we say that there is absolute β convergence. The concept of sigma convergence implies that the states are converging in the sense of sigma and their dispersion tends to decrease over time. The two of them are of course related, but sigma convergence does not necessarily imply Beta convergence. This paper is organized as follows. Section II provides an overview of studies on convergence across Indian states. Section III describes the data and methodology used in the paper. Section IV is divided into two parts; first discusses the results from income convergence and second discusses the results from human development convergence. based on their analysis of interstate differences in growth rates during 1965-1995 among 14 major states conclude that interstate disparities are increasing rather than converging. These interstate disparities in income are attributed to the differential capacity of the states in attracting private investment and further it is pointed out that the allocation of private investment is determined by the availability of better infrastructure in a state (Rao et al., 1999).
Bhattacharya and Sakthivel (2004) analyzed interstate income disparities before and after the reform period. They showed that interstate income disparities almost remained unchanged during 1980s, but sharply increased during the 1990s.
Kar and Sakthivel (2007) argued that regional inequality remained stable without much increase during the 1980s due to a fall in inequality within the industrial and the service sectors during this period. Further, rise in regional inequality in the post-1990s is attributed to a sharp rise in disparity in the industrial and service sectors' progress across the states. Another study by Ghosh (2011) also confirmed an increase in the interstate inequality of per capita income in the post-reform period since 1991.
In this context, this study tries to complement the existing studies in understanding regional inequalities and convergence not only when measured in terms of per capita SNDP, but also in terms of broader range of socio-economic indicators by evaluating the performance of Indian states in socioeconomic indicators during the period of 1971-2011.
DATA AND METHODOLOGY
The data for per capita state domestic product from 1971-2011 was extracted from RBI'S Handbook of Statistics on Indian Economy. The data on urbanization which is defined as the percentage of population living in urban areas, was sourced from database of Ministry of Statistics and Programme Implementation. The data on poverty ratio (head count ratio), infant mortality ratio (number of deaths per 1000 live births) and total fertility rate (the average number of children that are born to a woman over her lifetime) has been mined from various reports of the Planning Commission. The growth rates of the population were available in the Population Census of India, 2011. Ginicoefficient, the measure of inequality 
Income Convergence
Sigma Convergence for per capita income was tested by estimating the following regression:
Where, = sigma of log of per capita income of states at time t.
t= time
In this case, we are regressing the dispersion of log of per capita income of states against time. We would want the sign of to be negative to prove convergence. The negative sign would imply that there is decrease in dispersion and the inequality has reduced.
Absolute Beta convergence for per capita income was tested by estimating the following regression:
.
Where, is the growth rate of per capita income between t and t+k is the logarithm of the state i's per capita income at time t.
So, an absolute convergence test is done for the per capita income, wherein the growth rate of the per capita income, in a particular year is regressed on the log value of the per capita income 10 years earlier. Again over here also we would want the sign of b to be negative, if want to prove convergence. The negative sign would imply that the low per capita income states tend to grow faster than high ones and we say there is absolute β convergence. 
Conditional Convergence

HDI Convergence
Sigma Convergence for human development index was tested by estimating the following regression: = + Where, = sigma (dispersion) of HDI values at time t
Procedure for testing hdi convergence is similar to income convergence procedure. Dispersion of log of hdi values is regressed against time. We would want the sign of to be negative to prove convergence. The negative sign would imply that there is decrease in dispersion and the inequality has reduced.
Where, is the growth rate of human development index between t and t+k.
is the logarithm of the state i's human development index at time t.
Again, to test the absolute beta convergence in terms of hdi we will regress the growth rate of hdi between two periods against log of hdi values in base year. We would want the sign to be negative if want to prove convergence. The negative sign would imply that the low hdi tend to grow faster than high ones and we say there is absolute β convergence.
INTERPRETATION OF THE RESULTS
The necessarily imply convergence because the value of at a particular point of time can be higher than its long-term value, for example shocks to output. Subsequently the value of sigma falls to its long run value which is assumed to be unchanged.
Next we tested for absolute beta convergence and the results related to this can be found in annexures 1.2 and 1.3.
This exercise is done for the period 1981-2011, using the annual data for the state wise per capita income (year 1971 onwards). A bivariate model with fixed effects was used to run the regression after conducting the hausman test, which reported a highly significant chi 2 statistic (p value of chi2 = 0.000), suggesting the use of a fixed effects model. The coefficient of the log of the per capita income (.3080007) has a positive sign and is significant at 0.01 level of significance. Overall, the pattern of economic progress in the Indian states support divergence rather than the beta convergence hypothesis while parametric regressions for HDI support convergence hypothesis.
The interesting finding is that the improvement in per capita income witnessed by a few states has not really trickled down to the laggard states while the progress in the status of education and health for the overall economy has led to an improvement in human development of the laggard states. Table 5 R sq ( within) 0.2356 R sq (between) 0.4723 R sq (overall) 0.0651 Table 6 Corr (u_i, x) -0.9768 Prob> F 0.000 F (1, 449) 138.42 Table 7 Log (pcy,t+k/pcy,t) Coefficient P >ltl Log (pcy, t) 0.3080007 0.000 cons_ -1.400168 0.000 Table 10 Corr (u_i, x) -0.5965 F (4, 446) 61.59 Prob> F 0.000 Table 11 Log( Pcy,T+K/ Pcy T) Coefficient P >Ltl Table 15 Ho No First Order autoCorrelation F (1, 14) 11.030 Prob> F 0.0050 Table 16 R sq (within) 0.5411 R sq (between) 0.2199 R sq (overall) 0.0100 Table 17 Corr (u_i, x) -0.9713 F (4, 446) 161.91 Prob> F 0.000 
Conditional Convergence after Correcting for Auto-correlation
